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The Rationality of Prices and Volume in
Experimental Markets

CoLiN CAMERER
University of Pennsylvania

Market experiments designed to test whether individual errors are reduced
by markets generally indicate that errors do make prices or trading volume
irrational. For example, in markets for assets of uncertain value a ‘‘repre-
sentativeness’’-based theory predicts deviations of prices from Bayesian pre-
dictions. Endowment effects and optimism about relative trading ability lead
to trading volumes which are too low or too high. Forecasts of future prices in
markets violate rational expectations restrictions. And subjects do not ignore
their own information when making forecasts of the forecasts of others. These
data suggest that individual errors are often reduced, but not eliminated, in
experimental markets under ideal learning conditions. They cast doubt on the
optimistic presumption that prices negotiated in competitive market settings
will reflect true values. The markets are unusually competitive, but the results
suggest that errors are likely to be important in two-party negotiations and
other settings t00. © 1992 Academic Press, Inc.

A market for a good or service is competitive if there are many buyers
and sellers, so no single trader exerts much influence on the good’s price.
Most of the articles in this volume concern negotiations in ‘‘thin>’ (low-
volume) markets— often, between one buyer and one seller. In thin mar-
kets (see Fig. 1a) there is a wide range of ‘‘competitive equilibrium’’!
prices between Py, and P, creating plenty of room for negotiating a
price.

In thin markets it is hard to detect many errors in judgments of value
because there is a wide range of possible prices. A buyer and seller could
both misjudge the value of the good they trade (as shown by dotted lines
in Fig. 1b), but still agree on a price in the rational-value range (P,
Phigh)'

I will discuss simple experimental markets in which competition among

The financial support of the Wharton Risk and Decision Processes Center and the Na-
tional Science Foundation (SES 87-08566, 88-09299) is gratefully acknowledged. The author
thanks the editors of this volume, and three anonymous reviewers, for many helpful com-
ments. Address correspondence and reprint requests to Colin Camerer, Graduate School of
Business, University of Chicago, Chicago IL 60637.

! The competitive equilibrium price is the price at which the number of units demanded
equals the number of units for sale. With one buyer and one seller (**bilateral monopoly’),
as in Fig. la, there is a wide range of price at which demand equals supply.
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Fi1G. 1. (a) The range of prices in a one-trade market. (b) The range of misjudged prices
in a one-trade market. (c) Price in a competitive market. (d) Misjudged price in a competitive
market.

several buyers and sellers pushes prices toward a single equilibrium price
(see Fig. 1c). There is little room for negotiation over prices because
traders are constantly outbid or undercut by others. The lack of negoti-
ating room enables us to focus more sharply on judgment issues. Errors
in judging value (the dotted lines in Fig. 1d) will translate immediately into
a price different than the rational equilibrium price, denoted P,. The
amount of trading volume might be different than the amount predicted,
too. My focus is therefore on judgment errors subjects make in experi-
mental markets. The crucial questions are whether errors affect prices
and trading volume, and whether experience reduces errors.

The article has three main sections. In the next section, I describe
several ways in which psychologists and economists view behavior in
markets differently, and how their presumptions generate methodological
differences in the way economists and psychologists construct experi-
ments. The approach of experimental economists is described in some
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in households, firms, markets, and societies.? There are several specific
mechanisms by which the rational model could capture market behavior
even though it is a poor description of individuals. To understand these
mechanisms, it helps to think of market outcomes as a complicated av-
erage of the bias in individual judgments and actions (denoted b,, for the
ith individual), weighted by each individual’s market activity (denoted
w;). Denote the bias in the market average by Zbw,.

A market may be a rational, unbiased average of individual opinions for
many reasons. We call these reasons the cancellation hypothesis, the
smart few hypothesis, the learning hypothesis, and the evolutionary hy-
pothesis. Each is discussed in turn, along with counterarguments (cf.
Russell & Thaler, 1985). The discussion is summarized in Table 1.

i. A market will be rational if individual errors are random (the ‘‘can-
cellation hypothesis’’). If individual judgments are randomly distributed
around the rational judgment, then a market with many participants will
show no bias (zero average error). Formally, if the biases b,;, are inde-
pendently distributed around 0, then if there are enough traders and their
activity weights are not too extreme the market average Shw; will be
close to zero (by the law of large numbers).

However, the only interesting judgment errors are those which create
systematic bias—people mostly err in the same direction (the biases b; are
positively correlated), so their errors will not cancel out. In fact, market
errors may therefore be even more statistically reliable than individual
eITors.

ii. A market will be rational if active traders are rational (the ‘‘smart
few hypothesis’). If more active traders make less error than less active
traders (i.e., if cz(b,-) and w; are negatively correlated), an activity-
weighted average will show less error than the unweighted average indi-
vidual. The activity of a few smart traders could wipe out individual
errors by all others.

The smart few hypothesis may hold in some special markets. Equity

3 The philosophical defense of this practice (e.g., Friedman, 1953) is that the implications
of a theory could be approximately true (e.g., markets could be rational) even if its pre-
sumptions are badly violated (people are actually irrational). For example, Plott (1986)
notes:

Almost all economic models postulate the existence (on an ‘‘as if”’ basis) of a
transitive preference over lotteries. Thus, transitive choice over lotteries can be
viewed as a prediction made by the models. We know . . . that those particular
predictions of the models will be disconfirmed . . . Logic thus compels us to realize
that the “*truth’’ of the models is not necessarily the only goal of the research effort
because we already have the answer to that question. Instead, the research ques-
tion becomes the degree to which one model is better than another at capturing
market behavior. (p. S305, my emphasis)
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markets are a good candidate: Persistent mistakes by a thousand inves-
tors trading 100-share blocks can be corrected by a few rational agents
trading 100,000-share blocks. (Of course, the argument only works if large
traders are smarter than small ones.)

In other settings, activity-weighting will not produce unbiased market
prices. The market for sports betting is a pure weighted median of judg-
ments, because bookmakers deliberately choose a “price”’ (usually a
point spread or handicap) to balance the amount of money bet for and
against a team. But a very smart trader cannot bet all she wants to exploit
an error, because the most a person can bet is limited in order to prevent
insiders from betting too much (‘‘steam’’).

In general, activity-weighting will only eliminate individual errors if
traders who make less error than others know they make less error, have
access to capital, and are willing and able to trade all they want (cf.
Zeckhauser, 1986).

iii. A market will be rational if traders who make errors learn from other
traders or buy advice (the *‘learning hypothesis’’). In some markets trad-
ers can learn to avoid errors (biases b, shrink over time). In other markets,
like those for housing, education, marriages, and consumer durables,
people trade infrequently so they have few opportunities to learn from
their own experience. But people may learn by observing others who they
think are successful, or by buying advice. Imitation and advice-giving
could therefore reduce market-wide bias. (This is a kind of activity-
weighting in which imitation or advice induces a correlation between
biases, such that b, = b;if b; = 0, increasing the implicit activity weight
of unbiased agents.)

However, there are reasons to think that imitation and advice may only
reduce bias slowly, or not at all. Learning from one’s own experience is
difficult enough (Einhorn & Hogarth, 1978); learning by imitation may be
even harder. For example, suppose the psychological reasons for imitat-
ing someone’s behavior include its memorability, social acceptability, and
simplicity. Then successful people who are mild-mannered, outrageous,
or use complicated systems will not be imitated.*

Buying and selling advice is tricky too. To buy advice correctly, people
must be aware of their own biases, then shop around sufficiently before

4 In their book on evolutionary models of cultural transmission, Boyd & Richerson (1985)
describe “‘indirect bias: Children imitate successful people by copying their behavior.
When success is initially correlated with trait X, but not caused by it, children may adopt
trait X in the mistaken belief that it will make them successful. Having trait X then becomes
a self-perpetuating mark of success, even if it is maladaptive. Examples include the peculiar
Micronesian practice of contributing enormous yams to feasts, and extensive tattooing in
Polynesia.
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buying advice. Evidence of ‘‘cognitive conceit’” (Dawes, 1976) suggests
that they are unaware of biases; insufficient search for information in
many domains (Connolly & Thorn, 1987; Cox & Oaxaca, 1988) suggests
that they will not shop around enough.

Even if people try to buy advice wisely, the supply side of the advice
market will crumble if knowledge is tacit and hard to articulate. And even
when knowledge can be articulated, it may be difficult to sell because
advice is hard for consumers to value without sampling it, and advice is
inherently difficult to divide and sample (unlike cheese and wallpaper); a
small free sample might be all the advice one needs.

iv. A market will be rational if traders who make errors are selected out
(the ‘*evolutionary hypothesis’’). Evolutionary analogies are popular in
economics (e.g., Alchian, 1950; Becker, 1976; Hirshleifer, 1985). A com-
mon argument is that traders who make persistent errors will become
bankrupt; eventually, only unbiased traders will remain (bias b; shrinks
over time by extinction of biased traders) and markets will be unbiased.
The evolutionary analogy is appealing, but there are several reasons why
evolution is unlikely to be as successful in explaining economic behavior
as in biology.

For example, economic evolution may work very slowly. Products
which are inefficient or become obsolete—COBOL programming, the
clumsy grammar of English, vinyl LP records, the QWERTY keyboard—
may persist for decades alongside superior new products. (Old products
persist if the short-run individual benefit of using the same product as
everyone else outweighs the gain from switching to a better product.’)

Evolution may also work in favor of bias rather than against it. If
rational behavior is not an optimal response to irrationality (Keynes,
1936; Arrow, 1982), then rational traders may be selected out in a world
with many irrational traders. For instance, Shleifer and Summers (1990)
describe stock market models with irrational ‘‘noise traders.”’® Suppose
noise traders misperceive risk-return tradeoffs, overestimating the re-
turns to bearing risk. Then they will invest more in risky stocks than
rational traders (who perceive the return to risk correctly). Since stocks
do have larger returns on average, noise traders will grow richer, on
average, than traders who are rational and thus more conservative.

There is also evidence that people who are biased about their relative

5 This is a specific example of ‘*coevolution,” or simultaneous evolution with externali-
ties between parties. Quick evolution may be maladaptive if others in the population are
evolving slowly.

¢ The harshest definition of noise traders is people who trade based on random informa-
tion they think is accurate. More generally, in behavioral finance many types of agents who
are less than fully rational—preferably in systematic ways—are called noise traders.
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Economists think of people as allocating scarce cognitive effort (e.g.,
Smith & Walker, 1990). If subjects are not paid for their performance, the
argument goes, they will not think hard enough to avoid instinctive judg-
ment errors. And even if subjects cannot possibly be instinctively ratio-
nal, the argument continues, they will learn to be over time. Hence, many
economists dismiss experiments with no performance incentives and
learning opportunities. (Note that these criticisms presume people have
enough financial incentive and learning opportunities in natural settings
to avoid errors there.)

Empirical evidence of incentive effects is mixed. Performance incen-
tives usually reduce the rate of errors due to confusion or carelessness
(Smith & Walker, 1990), but do not typically improve average perfor-
mance or prevent rejection of theories based on rationality (Camerer &
Hogarth, in preparation).

Learning effects are mixed too. There is rapid learning in some simple
market environments (e.g., in double auctions for commodities, Smith,
1982) but not in more complicated environments (Smith, Suchanek, &
Williams, 1988; Camerer & Weigelt, 1990; Ball, Bazerman, & Carroll, in
press). Furthermore, many studies suggest that experience or expertise
are no guarantee of superior performance in naturally occurring tasks
(e.g., Northcraft & Neale, 1987; Camerer & Johnson, 1991).

A Primer on Experimental Economics Methodology

The studies described below are considered experimental economics,
which is often quite different in methodology than experimental psychol-
ogy. Before discussing specific studies it is useful to review some of the
principles underlying experimental economics and contrast them with
conventions in experimental psychology.

In both economics and psychology experiments, some parameters or
relationships are controlled (in settings which are therefore artificial, by
necessity), to establish whether one variable causes another. An econom-
ics experiment consists of subjects making choices and sending messages
using a prescribed exchange institution” in an environment controlled by
the experimenter (Smith, 1982). (A psychology experiment is similar, but
usually without an exchange institution.) The main features of the envi-

® An exchange institution is a set of clear rules for making exchanges. The rules of an
English (ascending-price) auction, New York Stock Exchange rules, and the implicit con-
tract that forces stores to sell goods they have in stock at prices they have posted publicly
are all exchange institutions. Note that economists carefully distinguish the skeleton of an
institution—its rules—from the conventions, history, and physical location which are its
flesh.
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ronment are the good being traded (or the choice being made) and its
value or cost to participants. A value for the good is typically “‘induced™
by paying subjects a prespecified sum of money which depends on the
outcome of market exchange (e.g., how many goods they sell, at what
prices). The exchange institution transforms choices by subjects into out-
comes according to a specified set of rules.

Theoretical validity, incentives, and learning. Formal theory in eco-
nomics circumscribes the design of most economics experiments. Exper-
imental economists strive to achieve ‘‘theoretical validity”’—were all the
assumptions of the economic theory met?'°—as well as ““internal valid-
ity” (did the treatment cause the effect?) and “‘external validity’” (do
conclusions from the experiment generalize to natural settings?).

Since economic theory almost always assumes rational, self-interested
agents and focuses on equilibrium (when people have no incentive to
change their behavior), the most important elements of theoretical valid-
ity have to do with incentives and learning.

Incentives: Smith (1982) argued that a subject’s payoffs must be
“*salient’” (connected to her actions) and “dominant> (greater than the
subjective costs of thinking and acting) for an experiment to test eco-
nomic theory. Since paying a subject a small sum for participating lacks
salience and dominance, experimental economists are skeptical of such
experiments. Of course, intrinsic motivation provides a psychic payoff
which does connect (psychic) payoffs to actions, but the power of intrin-
sic payoffs is hard to judge and experimental economists are wary of
them.

Learning: Repeating the entire process of endowing subjects with
goods and money, letting them choose actions, and announcing their
outcomes (*‘stationary replication’) are usually necessary for conver-
gence to equilibrium. Since the theory being tested usually describes
equilibrium behavior, stationary replication with feedback is required to
test the theory fairly (i.e., for theoretical validity).

Data and their analysis. The data experimental economists gather, and
the way they analyze them, are largely circumscribed by presumptions
and theory in economics. Most economists are essentially behaviorists:
the data they take most seriously are actual behavior which is connected
to payoffs (‘‘salient’’). They are skeptical about subjects’ explanations of

10 The economists’ idea of theoretical validity is kin to construct validity in psychology.
The idea is that a good economics experiment operationalizes constructs—usually tastes,
endowments, and messages—the way theorists intended. The difference in the two fields is
that the theory in economics is typically expressed mathematically, so the proper way 10
operationalize it is more clear. As a result, the debates economists have about methodology
often appear petty and picayune to outsiders.
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behavior, and reports of intended behavior, so they usually do not gather
such data.'!

Labeling. Experimental economists dislike using realistic labels for el-
ements of the experimental environment, for fear of inducing a nonmon-
etary utility for labeled actions (which ruins their control over a subject’s
incentives). Shares of stock will thus be called ‘‘certificates’; two ran-
dom states of nature representing good and bad times will be called ‘*A”’
and “‘B’’; levels of effort will be called ‘‘decision numbers.”’

In sum, methodology in experimental economics is more theoretically
driven and fastidious than in experimental psychology. Experimental
economists seek to control incentives by inducing value for an object,
then test theoretical predictions about equilibrium behavior when sub-
jects send messages or trade using a specific set of rules. Careful instruc-
tions and repetition are required to test equilibrium (long-run) behavior,
bland labels are required to avoid inducing uncontrolled incentives; and
individual-level data are often ignored because the theory makes no pre-
dictions about them. This style is virtually the opposite of most psychol-
ogy experiments, which study individuals in richly labeled environments,
usually without learning opportunities or financial incentives.

JUDGMENTS OF ASSET VALUE IN EXPERIMENTAL MARKETS

There are two ways in which judgment errors could affect behavior in
experimental markets. This section discusses ways in which people may
misjudge the exogeneous value of the asset or good they buy and sell. The
next section discusses judgments about endogeneous market activity (like
future prices).

Some judgments of exogeneous value are Bayesian. In explicitly
Bayesian experiments, subjects know that asset values are determined by
a statistical process with known prior probabilities and likelihoods. In
implicitly Bayesian experiments, the likelihoods are generated by trading
behavior; subjects must update their beliefs about information conveyed
by price signals.

Other judgments of value are not Bayesian, but appear to be irrational
because of endowment effects or optimism (‘‘hubris’’). Endowment ef-
fects and optimism will not necessarily affect the level of prices, as errors
in Bayesian judgment will, but they will affect the volume of trade.

' Studies comparing reports of intended trading behavior with actual trading have shown
some differences—people would say they would never pay more than $2.50, then pay $2.75
minutes later—but the reports predicted actual behavior better than rational theory did
(Knez, Smith, & Williams, 1985; Knez & Smith, 1986). In Camerer & Kunreuther (1989),
reports of intended trading predicted market prices quite well because reporting errors either
were small or were large but far away from equilibrium.
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In most experimental markets, precise values are induced by paying
subjects certain amounts of cash for objects they buy or sell. In such
markets, prices are usually close to competitive equilibrium levels (e.g.,
Smith, 1982), but it is virtually impossible for subjects to misjudge the
private value of the objects they trade. When subjects must make judg-
ments of the value of goods or assets, a broad range of data suggest that
Bayesian errors in prices, and errors in the amount of trade stemming
from endowment effects or optimism, are common in experimental mar-
kets.

Errors in Explicit Bayesian Judgments

Suppose the value of assets depends on a random ‘‘state,”” X or Y. The
states might represent ‘‘strong economy’’ and ‘‘weak economy”’ or high
and low demand for a product. Before investing in assets, people usually
would not know the state but they would see signals which are correlated
with the state—expert forecasts about the economy, or results of test
marketing. Investors face a classic Bayesian judgment task: They must
infer the posterior probabilities of the states (i.e., the probabilities after
accounting for sample or signal information), and hence the expected
asset value, from the signals and the states’ prior probabilities.

Camerer (1987) studied an experimental market in which a Bayesian
judgment task was embedded. (Duh & Sunder, 1986, did so earlier, and
independently.) There were two states, X and Y. Occurrence of X was
physically represented by drawing a ball numbered 1-6 from a bingo cage;
drawing 7-10 meant Y had occurred. (The bingo cages were intended to
induce the subjective probabilities P(X) = .6 and P(Y) = 4.)

Subjects did not know the state. But if X had occurred, three balls were
drawn with replacement from a bingo cage with 1 red ball and two black
balls. If Y occurred three balls were drawn with replacement from a cage
with two reds and 1 black. The draws gave subjects clues about which
state had occurred. Black draws suggested X, red draws pointed to Y.
Figure 2 shows the bingo cage setup.

In each trading period, subjects were given two shares of an asset.
Subjects got a dividend for each share they held at the end of the period,
which depended on whether X or Y had occurred. Half the subjects
(called type I) got 500 ‘‘francs’ for X (equal to $.75) and 200 for Y. The
other half of the subjects, type II, got 350 for X and 650 for Y.!2

The value of the assets to subjects depends on their subjective proba-
bilities of X and Y, which depends on the sample of balls drawn from the
X or Y bingo cage. Suppose the sample of draws was two blacks and 1 red

12 These asset dividends were chosen so that the two theories of most interest would make
different predictions.
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F1G. 2. The bingo cage design. Reproduced, by permission of the publisher, from Cam-
erer (1987).

(“*1 red’), which indicates the state is likely to be X. A Bayesian subject
would calculate P(X|1 red) = .75. If the subject had type I dividends (and
was risk-neutral) she would therefore pay up to (.75)(500) + (.25)(200) =
425 francs for a share of the asset. Bayesian type IIs would pay up to 425
francs too. Thus, if subjects are Bayesian prices should rise near 425 and
we cannot tell whether type I or type II traders will buy shares.

The Bayesian calculations are difficult and counterintuitive. Many al-
ternative psychological hypotheses are suggested by behavioral decision
theory studies of judgment. The hypothesis which is clearest (and turns
out to fit best) is a variant of ‘‘representativeness’’ (Kahneman & Tver-
sky, 1972b).

An intuitive heuristic for judging P(state|sample) is to assess how rep-
resentative the sample is of the state. A sample of 1 red and two blacks is
maximally representative because it exactly matches the contents of the
X-state bingo cage. One could interpret representativeness to then imply
P(X|1 red) = 1, but that prediction is too extreme and can be easily
rejected. Instead, I take representativeness to imply P(X|1 red) > .75.
Then market prices will be greater than 425 francs and type I traders will
buy the assets from type II traders.

Each experimental session was a series of trading periods. In each
period a state was determined and three balls were drawn from the X or
Y cages and announced. Subjects traded assets in a double-oral auction:
Trading one share at a time, both sides shouted out bids to buy, offers to
sell, and acceptances of others’ bids or offers. At the end of a trading
period the state was announced, dividends were paid, subjects figured out
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their profits, and their shares expired. In the next period each subject got
two more shares and the whole process began again (‘‘stationary
replication’’).

Figure 3 shows prices in an experiment. The four panels show the mean
prices in those periods of an experiment which had the same sample of
balls. In Experiment 6, for instance, there were two periods when the
sample of balls was three blacks and 0 reds (denoted ‘0 red’’). These
periods occurred randomly throughout the experiment, but Fig. 3 shows
mean prices in the two periods taken out of chronological order and
plotted consecutively. The thin horizontal line is the Bayesian prediction.
The arrow marked ‘R’ shows the direction of deviation from the
Bayesian line predicted by representativeness. In the 1-red periods of
Experiment 6, prices began far below the equilibrium price and converged
within a period or two to the Bayesian level, then went above it as rep-
resentativeness predicts. Prices did not converge to a precise equilibrium,
but they show no tendency to decline back toward the Bayesian level.

Prices in these experiments were generally volatile, but tended to be
higher than the Bayesian predictions when the samples of balls have 1 or
two reds and lower when the samples have 0 or three reds. One way to
analyze the data from many experiments is to use prices at the end of the
experiment to infer an implicit probability. If the price in a 1-red period
was 441 francs and type I traders bought most of the shares, we infer their
subjective P(X) from 441 = S00P(X) + 200(1 — P(X)), yielding P(X) =
.803. (This procedure is crude—it assumes expected utility, risk-
neutrality, and perfect competition—but tells us something.)

500 <+
R

mar | —/

mean P

pncem | /T/_,J\. /\/—-———/

300 +

200 0 1 red 2 reds 3 redy

o
o

[y

w

number of periods

Fi1G. 3. Average trading prices: Experiment 6. Reproduced, by permission of the pub-
lisher, from Camerer (1987). Horizontal line denotes Bayesian prediction. R, direction of
representativeness deviation from Bayesian.
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agent who gets called then immediately calls the screenwriter. Since he
has gone out for the afternoon, nobody can reach the screenwriter, so all
the agents who call him assume that he is meeting with other agents. He
returns to find dozens of messages on his answering machine from agents
offering giant sums for his wonderful script. One can imagine similar
mirages in bidding for highly prized workers, target firms, initial stock
offerings of companies, etc.

Optimism about relative performance suggests the opposite error: Ne-
gotiators will ignore the information signals that actions of others convey.
The ‘““winner’s curse’’ is a famous example (Samuelson & Bazerman,
1985). Failure to end strikes or settle legal cases out of court might be
other examples (cf. Thompson & Loewenstein, 1992).

The curse of knowledge may be important for negotiations too. Models
of asymmetric information tend to focus on how well the less-informed
agents can infer a better-informed agent’s knowledge from actions. The
presumption in such models is that better-informed agents can act
“‘inscrutably,’” pretending they know nothing, if they need to. The curse
of knowledge makes it hard to be inscrutable.

There is a delicious irony here: Suffering from the curse of knowledge
(an irrationality) may reduce perceived information asymmetry, which
can lead a well-informed agent to share information, thus mitigating mar-
ket failure and bargaining breakdown (improving social rationality). Of
course, the curse only helps if people reveal information that improves
bargaining efficiency when it is shared (preferences, for example). Fur-
ther research could help show whether the right kind of information is
overrevealed, or not.

The curse of knowledge implies that people will overestimate how
much of their information others share. ‘‘False consensus’’ refers to the
related tendency to overestimate how many people share your tastes,
beliefs, and attitudes to a greater extent than they do (Ross, Greene, &
House, 1977; cf. Dawes, 1990). Since false consensus make it difficult for
people to realize how different their values are, it may reduce the per-
ceived gains from integrative bargaining (cf. the ‘‘reactive devaluation’
documented by Stillinger et al., in press, and the ‘‘mythical fixed-pie
bias’’ described by Bazerman, Magliozzi & Neale, 1985).

Future Research Directions

Competitive markets and bilateral monopoly (one buyer, one seller)
span the continuum of competitiveness. There is relatively little negotia-
tion research toward the market end of the continuum (but see Bazerman
et al. 1985; Sondak & Bazerman, 1989). Subjects are usually told a
“BATNA" or reservation price which is meant to represent the best offer
they have been made, or expect to get, from another buyer or seller. By
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embedding a negotiation in a market, subjects are actually forced to make
judgments of the best available offers (or BATNA), thus increasing the
complexity of their task and the range of what we might learn about
negotiation.

Bringing richer negotiation tasks and variables into experimental mar-
kets could benefit experimental economics too. For instance, fairness has
rarely been studied in experimental markets. And the use of abstract,
blandly labeled stimuli has made it easy for experimental economists to
ignore interesting questions of memory, attribution, and emotion. One
field’s nuisance variable is often another field’s main effect. For negoti-
ation research and experimental economics, that truism poses interesting
opportunities for new research.
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